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Abstract

Using a unique dataset on subjective probabilities of employment and earnings ex-

pectations for a nationally representative sample of Italian skilled young unemployed in

2015, this paper proposes new measures of job instability, job insecurity and earnings

risk, and assesses their determinants. The results show that young Italian unemployed

University graduates face substantial job instability, insecurity and risk, and that hav-

ing personal contacts and being able to turn to the family of origin in case of financial

diffi culties are the main factors reducing both instability and insecurity.
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1 Introduction

In the most recent years unemployment among young people has reached unprecedented

levels. In 2013 74.5 million young people in the 15 to 24 age group were unemployed world-

wide with a record high 13.1 per cent youth unemployment rate twice the size of the global

unemployment rate (ILO 2013). The job crisis hit Europe particularly hard. Between 2007

and 2012, employment in Greece, Ireland and Portugal declined by 1.6 million, but 75 per

cent of this reduction was concentrated among young people aged 15-34 years (ILO 2014).

Experiencing unemployment at an early age imposes substantial costs on individuals and

societies (Blanchflower and Bell 2011; Dolado 2015). At the individual level, early unem-

ployment is associated with ‘scarring effects’on future wages and employment (e.g. Gregg

and Tominey 2005; Fairlie and Kletzer 2003; Arulampalam 2001) as well as physiological ef-

fects such as depressive symptoms, lack of self-confidence, self-blame, stress, and resignation

(Hammarström and Janlert 1997).

A particularly worrisome trend is the large employment gap for young adults, aged 25-34.

Young adults in this age group are often the first to face job losses in times of crisis due

to their lower seniority and the job protection afforded to older workers, while at the same

time they are excluded from labour market programmes and retraining schemes directed to

younger workers, which makes a return to employment particularly diffi cult. Being in the

age of family formation, a precarious job situation and the lack of financial stability are

major obstacles to planning for the future (Chung, Bekker, and Houwing 2012).

Italy is one of the countries that have suffered the highest rise in unemployment among

young adults, and a sharp increase in fixed-term and temporary employment contracts among

those employed. In the last trimester of 2014 the unemployment rate for the 25 to 34 age

group hit a record high of 19 per cent, which is 6 per cent higher than the EU average; since

2011 the 25 to 34 age group has experienced the highest growth in unemployment among

any age group. This record unemployment corresponds to 1.009.000 jobless Italian young

adults that are actively looking for a job, 604.000 of whom for more than 12 months.1

With such a level of unemployment, the job crisis has also hit the young with a University

1Evidence from the Italian Labour Force Survey: http://dati.istat.it/Index.aspx
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degree. Among the 25-34 years old Italian University graduates the unemployment rate is

at 16 per cent, which corresponds to 252.000 jobless young actively looking for a job.2

Since 2011, unemployment rate for this group has increased by 46 per cent, real wages have

decreased by 20 per cent, and temporary types of employment and fixed-term contracts have

sharply increased (AlmaLaurea 2014). Furthermore, among the University graduates that

have found a job, 20 per cent have found jobs requiring skills below their qualifications with

respect to a EU average of over-educated graduates that is stable at 11 per cent (Rapporto

ISFOL 2014).

Given a youth job crisis of these proportions, the Italian government as well as the

international community have invested substantially in the development of statistics that

monitor the current status of the young unemployed but not in statistics that monitor how

young unemployed perceive their future prospects. Major national surveys such as the Italian

Labour Force Survey as well as the OECD Labour Force Survey and the Eurostat database,

describe in details the outcomes that individuals actually experience and realize, but provide

little or no information on the outcomes that individuals expect to experience in the future.

Without data on future prospects researchers can not study how the condition of being

unemployed affects the expectations that the young form about their future, such as the

employment and earnings’prospects that young unemployed expect and thus the amount of

job instability, insecurity and earnings risk that they face.

The Italian Youth Employment Survey (IYES) is the first attempt to collect such missing

data. The IYES is an online survey that I developed and administered between January

and February 2015 to a nationally representative sample of Italian unemployed University

graduates aged 25-34 . In order to measure expectations of job instability, insecurity and

earnings risk, the survey contains a rich battery of questions on subjective employment

probabilities and expected earnings in different scenarios. The IYES dataset makes two

important contributions: first, it allows measuring for the first time the expectations of job

instability, job insecurity and earnings risk for a sample of young unemployed, and, second,

it allows characterizing the main factors that drive the variation of this instability, insecurity

2Evidence from the Italian Labour Force Survey: http://dati.istat.it/Index.aspx
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and risk.

As described in Section 2, the use of quantitative subjective probabilities questions to

measure expectations distinguishes the IYES from other surveys that include qualitative

questions. There is substantial evidence that respondents are able to understand subjective

probabilities questions and use quantitative metrics to express their future expectations,

which provide more informative responses than qualitative questions (Manski 2004). As dis-

cussed in Section 3, the use of probabilistic quantitative expectations questions allow for an

accurate assessment of the future employment and earnings prospects of the young unem-

ployed, which I use to develop new and informative measures of job instability, job insecurity

and earnings risk that I present in Section 4. Section 5 discusses the empirical findings on

these measure by first looking at their cross-sectional variation by relevant observable char-

acteristics and by then identifying the factors that drive this variation. The next step is to

use these data to assess the consequences of job instability, job insecurity and earnings risk

on individuals’behavior, which I briefly discuss in Section 6. All Tables are presented in the

Appendix.

2 Background

An individual’s sense of job instability and insecurity captures his or her perceptions of the

degree of stability of the job prospects that the individual faces and the changing quality of

his or her job. To measure job instability and insecurity analysists have used a variety of

proxies and methods primarily derived from surveys that elicit individual perceptions. This

Section reviews these efforts and proposes new measures of job instability and job insecurity.

2.1 Standard Approaches to Measuring Job Instability and Job

Insecurity

In the literature job instability refers to jobs’ turnover and duration. A worker faces a

higher job instability if she is more likely to have a job of a short duration. As discussed

by Gottschalk and Moffi tt (1999), job instability differs from job insecurity, which has been
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used to label turnovers associated with less desirable outcomes. In addition to jobs of short

duration or even if jobs’duration has not changed, a worker may face turnovers that lead to

worse outcomes, such as an increase in the probability of unemployment spells or a decrease

in the wage gains from changing employers.

In the theory of job search job insecurity is a clearly defined concept, which refers to

the subjective probabilities of exogenous job destruction and the subjective distributions of

their outcomes if the workers search for new employment (Lippman and McCall 1976 and

Mortensen 1986). While the theory is clear on the definition, empirical labour economists

have used a variety of alternative measurement methods and approaches (Sverke, Hellgren

and Naswall 2006).

The most common approach has been to infer subjective probabilities of job destruction

and expectations on labour market outcomes from data on labour market realizations such

as statistics on unemployment rates and durations, as well as data on job losses (for example,

Aaronson and Sullivan 1998). However, credible inference from realizations to expectations

is diffi cult to achieve since the researcher has to make strong assumptions on the information

that individuals have and how they use it to form expectations.

Direct elicitation of expectations using subjective probability questions provides an alter-

native. A wide literature has established the empirical feasibility and usefulness of eliciting

subjective probabilities in a number of surveys that measure individuals’future expectations

on a variety of outcomes.3 Using this survey methodology, in a seminal contribution Manski

and Straub (2000) measure job insecurity with three subjective probability questions on job

loss, job search, and voluntary quits. They find that individuals are able and willing to

meaningfully answer each of the three questions and that inference using their answers pro-

vides an informative description of the degree of job insecurity that a representative sample

of US workers face.
3Two examples of surveys that include earnings expectations questions are the

US Survey of Economic Expectations collected by the University of Wisconsin
(http://www.disc.wisc.edu/archive/econexpect/), and the Italian Survey of Household Income and Wealth
(https://www.bancaditalia.it/statistiche/indcamp/bilfait;internal&action=_setlanguage.action?LANGUAGE=en).
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2.2 New Measures of Job Instability and Job Insecurity

All available definitions of job instability and job insecurity refer and apply to a sample of

workers by trying to measure the probability of loosing the current job and finding a job

with worse conditions. How to measure job instability and job insecurity for a sample of

individuals that have never worked or have worked for very short durations? An answer to

this question is crucial to be able to measure instability and insecurity for a sample of young

individuals that are at the start of their professional careers and are looking for the first

main job after graduation.

In order to provide these missing measures, I have designed a survey that includes sev-

eral questions to assess both the extent of job instability and of job insecurity that young

unemployed with little or no work experience face by eliciting subjective probabilities of

well-defined future outcomes. In particular, the survey includes six subjective probabilities

questions that can be used to measure expectations of job instability and job insecurity.

On job instability: the probability to start working in the next twelve months, the proba-

bility to find a full time job, and the expected job duration. On job insecurity: the probability

to find a job that is adequate to one’s qualifications and previous job experience, the prob-

ability to find a job that offers adequate health insurance and pension benefits, and the

probability to find a job without using family and personal contacts. By denoting as "low" a

subjective probability that is either lower or equal to 50 per cent, a low subjective probability

perceived by a given respondent on a given indicator denotes high job instability and/or job

insecurity along the dimension measured by the given indicator.

3 Data

3.1 The Italian Youth Employment Survey

The IYES is a brand new dataset, which is designed to collect a rich set of quantitative

expectations data on future earnings and employment prospects for a sample of young un-

employed. With growing success, economists have been using quantitative expectations data

as an effective methodology to elicit information on future outcomes (Manski 2004). For a
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given outcome of interest, respondents are asked to provide the expected minimum and max-

imum value that an outcome can take together with the subjective probabilities of different

quantiles of its distribution. In this way, it is possible to construct the entire subjective distri-

bution of future realizations in different scenarios to fully capture the role of uncertainty that

individuals face when forming expectations about the future. There is substantial evidence

that individuals can meaningfully answer questions on expected earnings and employment

probabilities (e.g. Guiso, Jappelli and Pistaferri 2002), and that expectations significantly

affect behavior (Manski 2004).

Using the quantitative expectations data methodology, I have developed a comprehensive

questionnaire that collects a rich set of information on future expected earnings and employ-

ment probabilities. The IYES questionnaire consists of 71 questions divided in three main

sections: socio-demographic information, job search, and a third Section on employment

and earnings expectations that contains a rich battery of questions on subjective employ-

ment probabilities and expected earnings in different scenarios.

Using an online platform between January and February 2015 I administered the ques-

tionnaire to a nationally representative sample of 1,462 unemployed Italian males and females

aged between 25 and 34 that graduated between 2011 and 2013 at one of the 64 universities

that are members of the AlmaLaurea universities’consortium, which is representative of 76

per cent of all national Italian graduates.4 The survey starts with two compulsory questions

to establish the eligibility of the potential participants. The first compulsory question asks

respondents to confirm that there are not currently working, and the second question asks

to confirm to be between 25 and 34 years old. 1,238 young provided valid answers to both

compulsory questions, which made them eligible to take part in the survey, and 1,074 decided

to continue to fill in the survey. Therefore, I obtained an exceptionally high response rate of

85 per cent young that started the survey, 87 per cent of whom continued to respond to the

full survey.

The third Section of the questionnaire includes several subjective probability questions

on employment prospects and earnings expectations in different scenarios. The subjective

probability questions use the per cent frame format by asking the respondent to provide,

4http://www.almalaurea.it/en
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in a scale from 0 to 100, the chance probability of a given event. A typical employment

probability question is the following:

"On a scale from 0 to 100, what is the probability that you will start working in the

next 12 months? In other words, if you were to assign a number between 0 and 100 to the

probability that you will start working in the next 12 months, what would this number be?

"0": you are certain that you will not start working in the next 12 months. "100": you are

certain that you will start working in the next 12 months."

The elicitation of the earnings expectations questions follows the format used by an

established literature (e.g. Dominitz and Manski 1997a; Guiso, Jappelli and Pistafferri 2002)

by asking respondents to provide the minimum and maximum expected earnings together

with the subjective probability that the expected earnings will be at least equal to the

mean expected earnings. A typical earnings expectations question and the related subjective

probability question are the following:

"Assume that you will start working in the next 12 months. What is the minimum

monthly net earnings that you expect to be able to earn? What is the maximum monthly net

earnings that you expect to be able to earn?"

"On a scale from 0 to 100, what is the probability that your monthly net earnings will

be at least equal to the average monthly earnings between the minimum and the maximum

monthly net earnings that you expect to be able to earn? In other words, if you were to assign

a number between 0 and 100 to the probability that you will earn at least the average of the

monthly earnings between the minimum and the maximum monthly earnings that you expect

to be able to earn, what would this number be? "0": you are certain that your earnings will

be lower than the average between the minimum and the maximum earnings that you expect

to be able to earn. "100": you are certain that your earnings will be at least as high as the

average between the minimum and the maximum earnings that you expect to be able to earn."

3.2 Descriptive Statistics

Table 1 presents descriptive statistics for the main variables that I will use in the empirical

analysis. 63 per cent of the sample are female, in good health and predominantly under-30

with 78 per cent aged between 25 and 29. 99 per cent of the sample have Italian citizenship
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and almost 60 per cent have lived in the same place of residence since birth. Most of the

sample has an undergraduate degree, while a smaller proportion also has a postgraduate

degree. The sample is well balanced between geographical areas of residence and areas of

study.5

Confirming that Italian parents represent an important source of financial support, 79

per cent of the young live in a house that is either owned by their parents or the parents

pay the rent, and 84 per cent can turn to the family of origin in case of financial diffi culties.

66 per cent are in a stable relationship and 70 per cent plan to have children in the future.

Importantly, 68 per cent of the sample have both parents that have at most a high school

degree. Therefore, the sample is characterized by a high upward educational mobility.

82 per cent are politically active having voted at the last national political elections in

2013, and 90 per cent are unsatisfied with the functionings of the democratic political process

in Italy. 77 per cent are actively looking for a job and 47 per cent have never worked or have

worked for less than one year. 80 per cent perceive the unemployment rate for the 25-34

years old to be between 30 per cent and 70 per cent, which is much higher than the actual

unemployment rate of 19 per cent. While for 39 per cent of the sample personal and family

contacts are the most important factor to find a job, only 14 per cent of the sample think

to have suffi cient personal and family contacts to find a job.

Importantly, the survey includes two questions to measure risk aversion. Risk attitude is

an important determinant of individual choices and behaviors such as occupational choices

(Bonin et al. 2007), financial and moving decisions (Guiso and Paiella 2005), and educational

choices (Brunello 2002), and therefore an important factor to control for when examining how

individuals form expectations about the future. Using the two main measures of risk aversion

commonly used in the literature, the survey asks for the reservation price of a hypothetical

lottery, and contains a self-assessment question on risk attitude on a 0-10 scale. As discussed

by Ding, Hartog and Sun (2010), these two measures correlate with experimental measures

5Following a series of higher education reforms, in Italy there are now three main types of undergraduate
degrees: "laurea triennale di primo livello", "laurea di 4 o piu’anni" (also called "laurea magistrale a ciclo
unico"), and "laurea specialistica/magistrale biennale". "Laurea triennale di primo livello" is a three year
undergraduate degree, which is comparable to a UK and American bachelor degree. "Laurea di 4 o piu’
anni" is a 4 to 5-6 year undergraduate degree that is specific to some fields of studies such as medicine and
engineering. "Laurea specialistica/magistrale biennale" is a 2 year specialistic degree that is in between an
undergraduate degree and a postgraduate Master degree.
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of risk aversion by generating valid indicators of choices under risk in an experimental setting

where real money is at stake. The sample mean risk aversion is almost 6 with a distribution

that is skewed towards a risk-loving attitude.

Overall, 93 per cent of the survey participants (994/1,074) responded to all the ques-

tions included in the expectations module with response rates that vary negligibly by the

observable characteristics in Table 1.

3.3 Validation of the Expectations Data

Several surveys include expectations questions and a large literature has established that

people are willing and able to answer subjective expectations questions in a meaningful way

in a variety of settings and both in high income and in low and middle income countries

(Manski 2004 and Delavande, Gine’, and McKenzie 2009 for a comprehensive survey of the

literature in developing countries).

The main advantage of the use of data on expectations over inference based on real-

izations is that the researcher does not have to know neither the variables that individuals

consider when forming their expectations nor the process through which the individual trans-

forms these variables into expectations, thus reducing the use of ad hoc assumptions about

information sets and expectations’formation. However, concerns are sometimes raised about

these data. These concerns range from the ability of individuals to answer such questions

meaningfully to the endogeneity of expected returns, possibly induced by ex-post rational-

ization.

A diverse literature suggests that respondents may think about uncertain events using

less than the full structure of modern probability theory (Camerer and Webber 1992). If

respondents have diffi culties in thinking in terms of probabilities, they should be unwilling

to provide answers to subjective probability questions, while the very high response rate of

93 per cent to the IYES suggests otherwise. However, it could still be the case that the

responses are not meaningful and respondents answer in a perfunctory manner.

As discussed by Dominitiz and Manski (1997), there is no definite way to assess how seri-

ously respondents answer to probability questions, but we can look for patterns of responses

that may indicate a lack of care and perform validation exercises of the expectations data.
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First, we can compare the earnings expectations and the data on the subjective employ-

ment probabilities with data on actual realizations by using the latest available AlmaLaurea

survey of University graduates, which provides detailed data on net monthly earnings and

type of jobs one year after graduation up to the year 2013, that is up to the cohort of students

that graduated in 2012.6 In order to make the data comparable, I exclude from the sample

the 15 observations of young that have completed a PhD since PhD graduates are not in the

AlmaLaurea sample.

The expectations data closely match the actual data. The mean expected net monthly

earnings in the sample is 1,097, and the actual mean net monthly earnings in the AlmaLaurea

sample is 1,034 Euro. The mean subjective probability to find a job in the next 12 months is

44 per cent with meaningful regional differences (52 per cent in the north, 46 per cent in the

center, 39 per cent in the south and 40 per cent in the islands), and the actual proportion of

young that has found a job in the AlmaLaurea data is 51 per cent. The subjective probability

to find a permanent job is 17 per cent, and the actual percentage of graduates that have

found a permanent job one year after graduation in the AlmaLaurea sample is 21 per cent. I

can also check if there is any correlation with past realizations by correlating the amount of

work experience (the inverse of the length of unemployment duration) with the probability

of finding a job. As expected, the correlation is positive and significant: the more labour

market experience one has, the higher the subjective probability of finding a job is.

Second, I can check whether earnings expectations vary with observables in a similar way

as actual earnings. We expect people to draw inferences about their own potential earnings

from what they observe from others. Thus finding that expectations vary with observable

characteristics in a way similar to observed earnings gives support to their validity.

Table 2 presents expected earnings and the subjective probability of finding a job in

the next 12 months by relevant demographic variables. Both expected earnings and the

probability to be employed vary in a similar way to the actual data. In particular, males

and those with a degree in medicine and hard sciences expect to earn more without facing

more risk. By comparing earnings by education level with earnings data from AlmaLaurea,

6AlmaLaurea XVII Survey (2015) - Graduates’ employment condition:
https://www.almalaurea.it/en/universita/occupazione/occupazione13
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we find that the lack of significant variation across education levels reflects the actual data:

average net monthly earnings one year after graduation are, respectively, 1,013, 1,065, and

1,024 Euros for "laurea di primo livello", "laurea specialistica/magistrale" and "laurea a

ciclo unico". Surprisingly, earnings expectations do not vary significantly across regions;

however, the probability to find a job does vary geographically, and, consistently with the

actual data, the young expect a much higher probability to find a job in the north than in the

south of Italy. Consistently with low employment expectations affecting job search efforts,

those with higher risk aversion expect to earn less, have a lower probability to find a job,

and search less actively for a job. While the level of father education does not monotonically

map into a higher chance of being employed and enjoying higher earnings, having personal

and family contacts substantially increases both the probability to find a job and expected

earnings once employed.

Third, and finally, as discussed by Manski and Straub (2000), respondents asked to give

probabilistic responses are most likely expected to use few rounding values (0, 50, 100) not

exploiting the refined reporting possibilities permitted by the 0-100 per cent chance scale.

However, Dominitz and Manski (1997b) and Manski and Straub (2000) report contrary

findings to this rounding bias. In particular, Manski and Straub (2000) find that most

respondents do not round their responses to the values (0, 50, 100), but rather to the nearest

multiple of 5, and respondents perceiving very low or very high probabilities of events provide

even more refined responses, with many reporting 1, 2, 98, or 99 per cent.

I can assess how many individuals think probabilistically by checking, for each question,

the extent of bunching around no answers and 50 per cent answers. Table 3 presents the

proportion of no answer and 50 per cent answers in the sample. Table 3 shows that only

the questions on the probability to earn at least the mean expected earnings are character-

ized by a relatively high proportion of both no answer and bunching around 50 per cent,

which is not surprising since these questions require the most advanced understanding of the

probability concept. As an alternative way to check how individuals think probabilistically,

following Delavande and Rohwedder (2008) and Lillard and Willis (2002), I can compute a

summary index that computes the proportion of no answer and 50 per cent answers out

of all expectations questions that use the per cent chance format in the questionnaire. By
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doing so, I find that the average index is 15 per cent, which is lower than the value computed

by Delavande and Rohwedder (2008). Therefore, overall and consistently with Manski and

Straub (2000), I find no evidence of substantial bunching.

4 Job Instability, Job Insecurity and Earnings Risk

Among Italian Young Unemployed

This Section discusses how the innovative questionnaire that I develop allows computing new

robust measures of the amount of job instability, job insecurity and earnings risk that the

young unemployed perceive.

4.1 Job Instability and Job Insecurity

Tables 4 and 5 present the sample distribution of the job instability and job insecurity

questions. The response distributions are highly skewed and the sample is characterized by

a substantial degree of both job instability and job insecurity.

60 per cent of the sample perceive a low probability to find a job in the next 12 months,

as well as a low probability to find a full time job, and over 70 per cent expect to be employed

for at most one year, over half of the sample for at most 6 months. Consistently, the mean

subjective probability to find a job in the next 12 months is 44 per cent and only 6 per cent

of the sample expect to find a permanent job.

Not only the young expect a very high jobs’turnover, but they also expect to find bad

jobs. 60 per cent of the sample perceive a low probability to find a job that is adequate

to the acquired qualifications and experience, up to 80 per cent expect to have a less than

50 per cent chance to find a job that offers adequate health insurance coverage and pension

benefits, and 60 per cent expect a low probability to find a job without using family and

personal contacts. While personal contacts are considered a crucial factor to find a job,

having contacts is not common. 39 per cent of the sample rank family and personal contacts

as the most important factor to find a job but 86 per cent do not have suffi cient personal

and family contacts to find a job.
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Without personal contacts and facing high job instability, it is perhaps not surprising that

while 68 per cent of the sample have both parents with at most a high school degree, only 22

per cent of the young University graduates expect to be able to earn more than the highest

earning parent. Therefore, the sample’s upward educational mobility does not map into a

proportional upward income mobility showing an alarming trend of young generations that

will most likely have to financially rely on their parents’savings and pensions. Consistently

with low earnings’expectations, only 20 per cent of the sample expect to be able to earn

more than 1,200 Euros net per month and 80 per cent have to postpone important decisions

due to high uncertainty about the future while feeling demoralized and pessimistic about

future professional prospects.

4.2 Earnings Risk

Earnings risk is commonly measured using the standard deviations of log earnings. However,

using the variability of observed earnings data confounds risk with unobserved heterogeneity

and the observed variability does not distinguish between predicted and unpredicted changes.

An established literature has shown that expectations data allow obtaining a better measure

of earnings risk by capturing the risk that individuals actually perceive (e.g. Attanasio and

Kaufmann 2013; Guiso, Jappelli and Pistaferri 2002).

Following Guiso, Jappelli and Pistaferri (2002), I measure earnings risk using the coef-

ficient of variation of the expected earnings, which can be computed as the ratio between

the standard deviation and the mean of the expected earnings, and provides a measure of

earnings risk that is convenient for comparisons across individuals, groups and samples.

In order to compute the standard deviation and mean of the expected earnings, let us

define yi as the expected earnings of individual i. Given the expectations questions included

in the survey (see Section 3), I have information on the points of support of the distribution,

that is on the maximum and minimum value that yi can take, [ymin, ymax], and on the

probability mass to the midpoint of the support, Prob(yi 6 (ymin + ymax)/2) ≡ θ. Using

these three pieces of information, I can compute the expected value and variance of yi using

the following equations, where, for simplicity, I am omitting the i subscript:

14



E(y) =

∫ ymax

ymin

yf(y)dy (1)

V ar(y) =

[∫ ymax

ymin

y2f(y)dy −
(∫ ymax

ymin

yf(y)dy

)2]
(2)

In order to operationalize these equations, I have to make some assumptions about f(y).

Following the previous literature, I consider the two intervals [ymin, (ymin + ymax)/2] and

[(ymin + ymax)/2, ymax] and I make two main assumptions: over each of the two intervals

I first assume that f(y) is uniformly distributed, and I then assume that f(y) follows a

triangular distribution. As discussed by a number of previous papers (e.g. Attanasio and

Kaufmann 2013; Guiso, Jappelli and Pistaferri 2002), the triangular distribution is the pre-

ferred assumption since it provides a more realistic description of the probability distribution

of earnings since outcomes further away from the midpoint receive less weight. However, I

have also checked that the results are robust to using a uniform distribution. All results

were very similar and are not reported for brevity.

Given equations 1 and 2, and the assumption on the distribution of f(y), I can compute

the mean and the variance of future expected earnings for each individual in the sample, and

therefore obtain a cross-sectional distribution of means and variances, which is presented in

Table 6. For comparison, the fourth column of Table 6 present the cross-sectional distribution

of the coeffi cient of variation from Table 1 in Guiso, Jappelli and Pistaferri (2002). For

robustness, the last column of Table 6 presents the cross-sectional distribution of the variance

of the logarithm of expected earnings as an alternative commonly used measure of earnings’

dispersion used in the literature (e.g. Attanasio and Kaufmann 2013).

The second and third column of Table 6 present the mean and the coeffi cient of variation

of expected earnings. In both columns the mean is higher than the median, which is evidence

that both the cross-sectional distribution of expected earnings and of their variability are

rightly skewed. Monthly expected earnings after taxes are low reaching a maximum of 1,333

Euros per month for the top decile of the distribution, and reflect the actual average net

monthly earnings of young University graduates in Italy (see Section 3.3). The young in

the sample are prepared to accept these wages so that, unreported results, all available
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upon request, show that the monthly net reservation earnings are higher than the expected

earnings at each decile of the distribution.

Not only the young expect low earnings, but also highly volatile earnings. The third and

fourth column present, respectively, the coeffi cient of variation of the expected earnings in

the sample and the coeffi cient of variation of the expected earnings reported in Table 1 in

Guiso, Jappelli and Pistaferri (2002), who have computed this measure for a representative

sample of the overall Italian population. The comparison between the third and fourth

column shows that at each decile of the distribution the coeffi cient of variation and therefore

the expected earnings risk in the sample is much higher than the one estimated by Guiso,

Jappelli and Pistaferri (2002) for the Italian population, and, on average, three times higher.

The last column confirms the pattern of earnings’risk described by the coeffi cient of variation

with a rightly skewed distribution of the variance of log expected earnings and substantial

earnings risk for the top half deciles of the earnings’distribution.

5 Cross-Sectional Variation of Job Instability, Job In-

security and Earnings Risk

This Section analyzes how job instability, job insecurity and earnings risk vary by some

main observable characteristics such as gender, age, parental education (proxied by the level

of father’s education), personal and family contacts to find a job, and how job instability,

insecurity and earnings risk are related. In Section 5.1 I vary one respondents’attribute at

a time. In Section 5.2 I use all attributes to compute best linear predictors of job instability,

job insecurity and earnings risk using standard regressions.

5.1 Univariate distributions

Tables 7 and 8 show how expectations of job instability and job insecurity vary by relevant

observable characteristics. The top row of each Table repeats the overall sample means and

quantiles presented in panel A of Tables 4 and 5. Each succeeding row displays the same

statistics for respondents having a specified attribute.
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Both job instability and job insecurity vary significantly by gender, age and area of

residence. Respondents that are males, younger (age 25-29 compared to age 30-34) and live

in the north of Italy face less job instability expecting a higher probability to start working in

the next 12 months, to find a full time job, as well less job insecurity with a higher probability

to find a job that is adequate to their own qualifications and previous experience, provides

good health insurance and pension coverage, and is found without using personal and family

contacts.

Looking at type and area of degree, the results show that undergraduates expect both

less job instability and job insecurity than postgraduates (excluding those with PhDs for

which there are only 15 observations), and that hard sciences is the field of study that is

associated with the least amount of expected instability and insecurity. We can compare the

expected probability of finding a job in the next 12 months with the actual employment rate

12 months after having graduated, which is yearly reported by AlmaLaurea by type of degree

(latest available data are for 2013). If we consider the separate components that are included

in the "undergraduate" category, we find that those with a "laurea specialistica/magistrale"

expect the highest probability of finding a job in the next 12 months (46 per cent), followed

by those with "laurea di 4 o piu’anni" and "laurea di primo livello" facing, respectively, a

job finding probability of 43 and 42 per cent. These expected probabilities compare with

actual employment probabilities of 61, 56 and 34 per cent for, respectively, "laurea di primo

livello", "laurea specialistica/magistrale" and "laurea di 4 o piu’anni" for 2013 (AlmaLaurea

2014).

Looking at the role of the family of origin, while an increase in father’s education does

correspond to a decrease in job insecurity (all mean probabilities of the job insecurity indi-

cators increase as the level of father’s education increases), it does not monotonically map

into a proportional increase in the chance of finding a job in the next months and in higher

expected earnings. On the contrary, having personal and family contacts significantly in-

creases both job stability and security and expected earnings. Finally, as for the role of risk

aversion, the lower the risk aversion, the lower the amount of both job instability and job

insecurity that the young perceive, which is consistent with risk-averse individuals searching

for jobs less intensively (Diaz-Serrano and O’Neill 2004) and self-selecting into occupations
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with low-income risk (Guiso, Jappelli and Pistaferri 2002).

I can use the results presented in Table 2 to analyze the cross-sectional distribution of

earnings risk. The first row of the third and fourth column in Table 2 reports the mean

expected earnings and the coeffi cient of variation. Each succeeding row presents the same

statistics by relevant observable characteristics. Consistently with the pattern of job insecu-

rity and instability, I find that males expect to earn more than females, even if both groups

face a comparable amount of earnings risk.

Tables 2, 6, 7, and 8 taken together show that job instability and insecurity are exacer-

bated by and tend to move together with earnings risk. In particular, males and those living

in the north of Italy face both less job instability and insecurity, as well as lower earnings

risk than females and those living in the rest of Italy. In terms of type of degree and field

of study, those studying hard sciences face the lowest job instability and insecurity, while

graduates in medicine are those that expect to enjoy the highest earnings. A striking role

is played by personal and family contacts: the skilled young unemployed that have personal

and family contacts to find a job expect substantially higher earnings and face lower job

instability and job insecurity.

5.2 Regressions

This Section presents the regression results of job instability, job insecurity and earnings’

risk as a function of all the attributes that I have analyzed in isolation in Section 5.1, as well

as additional attributes that could explain heterogeneity in expectations. In particular, I run

a basic specification where I regress each of the variable that I use to proxy job instability,

job insecurity and earnings risk as a function of gender, age, area of residence, level and area

of education, having personal and family contacts to find a job, father’s level of education,

and risk aversion.

Then, for each dependent variable, I run two additional regressions: one where I include

additional important socio-demographic variables such as previous work experience, marks

in the final year of high school and university, as well as additional parental background

information such as mother’s level of education, father and mother’s type of job, and a final

regression where I additionally control for the inaccuracy of predictions by including a mea-
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sure of the amount of information that the young have about unemployment among their

age group. Controlling for the inaccuracy of predictions is important since, as discussed in

Section 3.2, most respondents make substantial forecast mistakes by substantially overesti-

mating the unemployment rate for their age group. For each specification, I only report the

coeffi cients of the explanatory variables that are statistically significant. The full regression

results are available upon request.

In addition to providing direct evidence of the factors that affect instability, insecurity

and risk, the regression results offer an additional test of the validity of the expectations

data, which I discussed in Section 3.3. In particular, one concern is that the heterogeneity in

expectations could only reflect noise. The regression results presented in this Section reassure

that this is not a concern. In particular, the results show that there is a considerable amount

of heterogeneity in expectations even after controlling for an extensive set of individual and

family background characteristics and for the inaccuracy of predictions, which suggests that

at least part of the heterogeneity in expectations captures factors that are unobserved to the

researcher and influence individuals’forecasts about the future.

5.2.1 Job Instability

Tables 9 and 10 present the regression results for job instability as measured by the proba-

bility to find a job in the next 12 months and the probability to find a full time job. For both

measures of job instability being younger, living in the north and in the center relative to

the south of Italy, and having personal and family contacts reduce instability. In addition,

the probability to find a job in the next 12 months is higher for males and significantly

positively affected by risk aversion with the lower risk-averse young unemployed having a

higher probability to find a job.

Among the additional variables included in the second specification (second column in

both Tables 9 and 10), previous work experience and being able to turn to the family of

origin in case of financial diffi culties significantly reduce both measures of job instability,

while marks in the final year of high school and having a degree in hard and social sciences

relative to humanities affect positively only the probability to find a full time job. Finally,

the proxy for the inaccuracy of predictions is an important determinant of job instability

19



with making mistakes on predicting the actual value of unemployment among the 25-34 year

old having a strong and statistically significant negative effect both on the probability to

be employed in the next 12 months and on the probability to find a full time job, which is

consistent with a discouragement effect on job search when unemployment expectations are

high.7

5.2.2 Job Insecurity

Tables 11, 12, and 13 present the regression results for job insecurity as measured by the

probability to find a job that matches qualifications and previous work experience, the prob-

ability to find a job that provides adequate health insurance and pension benefits, and the

probability to find a job without using personal and family contacts. The picture emerging

for job insecurity is similar to the one described in Section 5.2.1 for job instability.

As for job instability, the main determinants of all proxies of job insecurity are age and

gender with older unemployed and males facing more insecurity, place of residence with

living in the north of Italy offering more secure employment prospects, having personal and

family contacts and being risk averse with more connected and risk-lover young unemployed

facing less job insecurity. In addition, while the level of education does not significantly

affect insecurity as it did not affect instability, which is consistent with all sample having

at least a University degree, the area of study has an impact both on the probability to

find a job that matches qualifications and previous work experience and the probability to

find a job without using personal and family contacts. In particular, having a degree in

hard sciences and medicine relative to humanities increases both probabilities. Among the

additional variables in the second column of both Tables, being able to turn to the family

of origin in case of financial diffi culties plays an important role in reducing two out of three

indicators of job insecurity, as it did for job instability. Finally, the inaccuracy of predictions

7The survey includes a question asking respondents to report the rate of unemployment for their age
group. Using the answers to this survey question, the proxy for the inaccuracy of predictions is constructed
by computing the percentage difference between the actual unemployment rate for the 25 to 34 age group in
the last trimester of 2014 (19%) and the perceived unemployment rate that each respondent reports in the
survey. Therefore, the higher the value of the proxy, the bigger the deviation of the respondent’s prediction
from the actual value of the rate of unemployment, and thus the bigger the inaccuracy in predictions.
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has a substantial statistically significant negative impact on job insecurity as it had on job

instability.

5.2.3 Earnings Risk

Tables 14 and 15 present the regression results for expected earnings and for earnings’risk

measured with the variance of the logarithm of expected earnings. Earnings’expectations

and risk are statistically significantly affected by fewer determinants than job instability and

insecurity.

For earnings’expectations, males, those living in the north of Italy, those having a degree

in hard and social sciences as well as in medicine (relative to a degree in humanities), and the

young that are more risk-lover expect higher earnings. Interestingly, neither having personal

and family contacts nor making smaller mistakes when predicting the unemployment rate

are relevant determinants of earnings’expectations. On the contrary, the type of degree and

having personal and family contacts is the main determinants of earnings’risk: those with

more than a University degree and those with personal and family contacts face a higher

volatility of expected earnings.

6 Conclusion

Since the financal crisis of 2008 young people around the world have entereted a labour

market characterized by record high unemployment levels and an increased use of flexible,

fixed-term contracts and temporary contracts. This has resulted in growing earnings risk

and job instability for young people at the start of their professional careers with many of

them taking up temporary jobs below their qualifications. The “generation Y” of young

men and women stands apart from its predecessors for the precariousness of their place in a

society they struggle to enter; they are experiencing a growing “job-cynicism”and systemic

uncertainty about the future with little to guide their expectations of what tomorrow will

bring (Bauman 2012).

Using a unique dataset that collects an extensive amount of information on expected

earnings and employment prospects for a nationally representative sample of young Italian
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unemployed with a University degree in 2015, this paper proposes new measures of job

instability, job insecurity and earnings risk for the young unemployed, and assesses their

determinants.

Italian young skilled unemployed face substantial job instability, insecurity and risk with

60 per cent of the young expecting low chances of finding a job in the next 12 months

and 80 per cent facing low prospects of finding a job that offers adequate health insurance

and pension benefits. While 68 per cent of the sample has both parents with less than a

University degree, up to 80 per cent of the sample expect not to be able to earn more than

their parents.

Having personal and family contacts as well as being able to turn to the family of origin

in case of financial diffi culties are among the main driving factors reducing job instability

and insecurity, which is consistent with Italian family networks being an important economic

and financial support mechanism and with the Italian labour market being characterized by

lack of meritocracy and familism (Pellegrino and Zingales 2014).

Data on subjective probabilities are extremely useful to elicit information on individuals’

future expectations and compute accurate measures of the amount of job instability, job

insecurity and earnings risk that individuals face. The next steps are uncovering the process

of expectations’formation and assessing the effects of job instability, insecurity and earnings

risk on behavior. In order to achieve these goals, data on expectations will have to be

combined with data revealing the information sources that individuals use and how they

transform the available information into expectations, as well as with data on the actual

choices that individuals make.
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Appendix 

 

Table 1

Variable Obs Mean  Std. Dev.

Male=yes 1074 0.37 0.48

Age 1064 27.78 2.31

Health status

Excellent 348

Very good 428

Good 228

Fairly good 63

Not good 8

Italian citizenship=yes 1065 0.99 0.11

Area of residence

North 256

Center 222

South  364

Islands 182

Degree type

Undergraduate degree* 942

Postgraduate degree 118

PhD 15

Degree area

Medicine 57

Hard Sciences 422

Social Sciences 404

Humanities 191

House

Owned by you 76

Owned by parents 690

You pay rent 100

Parents pay rent 152

Someone else pays rent 47

Help from family of origin if financial difficulties=yes 1073 0.84 0.37

Father's education

Less than high school 348

High school 461

Undergraduate degree 187

Graduate and postgraduate degree 62

Mother's education

Less than high school 349

High school 483

Undergraduate degree 176

Graduete and postgraduate degree 45

Stable relationship=yes 1069 0.66 0.48

Risk aversion 1003 5.83 2.28

Vote in 2013=yes 1052 0.82 0.38

Personal and family contacts to find a job=yes 1025 0.14 0.35

Actively looking for a job 1031 0.77 0.42

Notes: *the "undergrate degree" category includes "laurea triennale primo livello" (369), "laurea di 

4 o piu' anni" (120), and "laurea specialistica/magistrale biennale" (454). 



 

 

 

 

 

 

Table 2

Prob to start 

working in the 

next 12 months

Mean expected 

earnings

CV expected 

earnings

All sample 44.16 1100.97 11.10

Gender

Male 47.09 1224.78 11.09

Female 42.37 1026.72 11.11

Age

25‐29 45.34 1102.32 11.15

30‐34 38.68 1109.60 10.99

Area of residence

North 52.27 1054.75 10.84

South 46.14 1049.93 10.68

Center 38.49 1042.52 11.75

Islands 39.55 1176.73 11.48

Degree type

Laurea primo livello 42.10 1103.03 10.79

Laurea specialistica/magistrale 45.94 1068.85 11.33

Laurea di 4 o piu' anni 43.05 1221.50 10.53

Postgraduate 43.72 1069.65 11.63

Degree area

Medicine 35.07 1324.77 10.75

Hard Sciences 46.74 1180.88 11.19

Social Sciences 42.97 1078.75 11.14

Humanities 43.89 903.31 10.94

By personal and family contacts

Yes 58.39 1223.80 11.66

No 41.92 1082.11 11.04

Father's education

Less than high school 41.03 1109.23 10.93

High school 46.78 1046.46 11.19

Undergraduate degree 42.95 1174.27 11.02

Graduate and postgrauate degree 46.28 1282.68 11.68

Risk aversion

High 41.36 1004.33 11.48

Medium  41.62 1050.26 11.41

Low 47.15 1176.82 10.78



 

 

 

 

 

 

 

 

Table 3

Total number of answers No answer 50% answer % No answer Share of 50% answer

Prob to find a job without using family and personal contacts 1033 41 223 4% 22%

Prob to find a job with adequate health insurance coverage and pension benefits 1029 45 164 4% 16%

Prob to start working in the next 12 months 1006 68 210 7% 21%

Prob to earn at least mean expected earnings 969 105 300 11% 31%

Prob to find a job that is adequate to own qualifications and job experience 997 77 192 8% 19%

Prob to find a full time job 994 80 178 8% 18%

Prob to find a permanent job 992 82 71 8% 7%

Prob to earn monthly more than highest earning parent* 538 22 179 4% 33%

Prob to find a job after completing program of study** 553 20 120 4% 22%

Prob to earn at least mean expected earnings after completing program of study** 516 57 181 11% 35%

Notes:*560 answered either yes or do not know whether to expect earning more than highest earning parent. **573 answered either yes or do not know to intention of enrolling in a program of study.

Table 4: Job Instability

Panel A

Mean Mean

0.25 0.5 0.75 0.25 0.5 0.75

44.16 10 50 70 42.54 20 40 60

Panel B

Deciles

Prob to start 

working in the next 

12 months

Prob to find a full 

time job

I 0 1

II 10 10

III 20 20

IV 40 30

Median 50 40

VI 50 50

VII 60 60

VIII 75 70

IX 90 80

Panel C

For how long do you 

expect to be hired?
Frequency Percent Cumulative

Less than 1 month 20 1.99 1.99

1‐6 months 509 50.65 52.64

7‐12 months 185 18.41 71.04

1‐3 years 105 10.45 81.49

4‐6 years 6 0.6 82.09

7‐9 years 1 0.1 82.19

10 or more years 4 0.4 82.59

Permanent job 58 5.77 88.36

Don't know 117 11.64 100

Total 1,005 100

Prob to find a full time jobProb to start working in the next 12 months

Quantile Quantile



 

 

 

 

 

 

 

 

 

 

 

 

Table 5: Job Insecurity

Panel A

Mean Mean Mean

0.25 0.5 0.75 0.25 0.5 0.75 0.25 0.5 0.75

44.12 20 50 68 29.87 10 30 50 44.53 20 50 65

Panel B

Deciles

Prob to find a job 

that is adequate to 

own qualifications 

and job experience

Prob to find a job 

with adequate 

health insurance 

and pension 

benefits

Prob to find a 

job without 

using family 

and personal 

contacts

I 4 0 2

II 15 5 20

III 30 10 30

IV 35 20 40

Median 50 30 50

VI 50 30 50

VII 60 50 60

VIII 70 50 70

IX 80 60 90

Prob to find a job without using family and 

personal contacts

Quantile

Prob to find a job that is adequate to own qualifications and job experience

Quantile

Prob to find a job with adequate health 

insurance and pension benefits

Quantile

Table 6

Deciles
Mean expected 

earnings

CV expected 

earnings

CV expected earnings 

from Table 1 GJP (2002)

Variance of log 

expected earnings

I 566.67 4.33 0.00 0.19

II 700.00 5.87 0.99 0.36

III 800.00 7.41 1.67 0.57

IV 893.33 8.16 2.24 0.68

Median 983.33 10.10 3.14 1.06

VI 1066.67 11.87 3.87 1.52

VII 1200.00 13.61 4.91 2.00

VIII 1333.33 15.29 6.26 2.66

IX 1333.33 18.68 8.84 3.90

Mean 1100.97 11.10 4.13 2.00
Notes: expected earnings are net monthly earnings that the young expect to earn if finding a job in the next 12 months.



 

Table 7

 Job Instability

Mean  0.25 0.5 0.75 Mean  0.25 0.5 0.75

All sample 44.16 10 50 70 42.54 20 40 60

(N=1006) (N=994)

By gender

Male 47.09 20 50 75 45.34 20 50 70

(N=375) (N=617)

Female 42.37 10 50 60 40.81 15 40 60

(N=630) (N=376)

By age

25‐29 45.34 20 50 70 43.79 20 50 70

(N=789) (N=782)

30‐34 38.68 10 40 57.5 37.45 10 40 50

(N=208) (N=203)

By area of residence

North 52.27 30 50 80 51.91 30 50 80

(N=249) (N=246)

Center 46.14 20 50 70 43.2 20 50 60

(N=209) (N=208)

South 38.49 10 40 50 36.98 10 30 50

(N=339) (N=334)

Islands 39.55 10 40 60 35.86 10 30 50

(N=173) (N=170)

By degree type

Undergraduate  44.07 15 50 70 42.46 20 43 60

(N=875) (N=865)

Postgraduate  43.72 10 45 70 41.05 20 40 60

(N=116) (N=114)

PhD 52.6 3 50 100 58.4 30 60 100

(N=15) (N=15)

By degree area

Medicine 35.07 2 30 60 32.69 4.5 30 50

(N=53) (N=52)

Hard Sciences 46.74 10 50 75 47.91 20 50 75

(N=395) (N=395)

Social Sciences 42.97 20 50 60 41.18 20 40 60

(N=377) (N=370)

Humanities 43.89 20 50 65 36.47 10 30 50

(N=180) (N=176)

By personal and family contacts

Yes 58.39 40 60 86 54.01 35 50 80

(N=138) (N=136)

No 41.92 10 50 60 40.74 15 40 60

(N=858) (N=848)

By father education

Less than high school 41.03 10 42.5 60 39.26 12 40 60

(N=332) (N=326)

High School 46.78 20 50 70 44.97 20 50 70

(N=438) (N=433)

Undergraduate degree 42.95 10 50 70 42.23 20 40 60

(N=177) (N=175)

Graduate and postgraduate degree 46.28 20 50 70 44.81 10 45 75

(N=57) (N=58)

By risk aversion

High 41.35 10 50 65 42.74 12 40 70

(N=245) (N=243)

Medium 41.62 15 50 60 39.42 10 40 50

(N=253) (N=250)

Low 47.15 20 50 70 44.31 20 50 70

(N=502) (N=496)

Quantile Quantile

Prob to start working          

in the next 12 months
Prob to find a full time job



 

Table 8

Job Insecurity

Mean  0.25 0.5 0.75 Mean  0.25 0.5 0.75 Mean  0.25 0.5 0.75

All sample 44.12 20 50 68 29.87 10 30 50 44.53 20 50 65

(N=997) (N=1029) (N=1033)

By gender

Male 47.51 20 50 70 34.26 10 30 50 48.24 20 50 70

(N=376) (N=383) (N=384)

Female 42.05 20 45 60 27.29 10 20 50 42.33 20 42.5 60

(N=620) (N=645) (N=648)

By age

25‐29 46.84 25 50 70 31.51 10 30 50 47.03 25 50 70

(N=783) (N=803) (N=808)

30‐34 33.52 10 30 50 23.65 0 20 40 35.19 10 30 50

(N=205) (N=216) (N=216)

By area of residence

North 48.5 30 50 70 35.73 10 30 50 51.07 30 50 72.5

(N=247) (N=251) (N=252)

Center 44.16 20 50 70 30.09 10 30 50 46.78 25 50 70

(N=208) (N=213) (N=215)

South 40.97 20 50 60 26.09 10 20 45 38.4 10 40 50

(N=335) (N=350) (N=350)

Islands 41.69 10 40 70 25.84 5 20 50 41.13 10 40 60

(N=171) (N=178) (N=178)

By degree type

Undergraduate  44.41 20 50 70 30.36 10 30 50 44.79 20 50 70

(N=867) (N=897) (N=901)

Postgraduate  39.93 15 40 55 25.32 5 20 40 40.87 20 40 60

(N=115) (N=117) (N=117)

PhD 58.4 30 60 100 36.6 10 30 50 57.67 30 50 95

(N=15) (N=15) (N=15)

By degree area

Medicine 46.98 15 50 80 27.56 10 20 50 35.98 10 30 60

(N=52) (N=55) (N=55)

Hard Sciences 51.29 30 50 75 32.98 10 30 50 50.45 30 50 80

(N=395) (N=404) (N=407)

Social Sciences 39.72 20 40 57.5 28.47 10 30 50 41.52 20 45 60

(N=372) (N=387) (N=386)

Humanities 36.66 10 40 50 26.84 5 25 50 40.46 20 40 50

(N=177) (N=182) (N=184)

By personal and family contacts

Yes 58.54 40 60 80 41.78 20 40 57 55.17 40 50 75

(N=137) (N=142) (N=142)

No 41.86 20 40 60 28.02 10 25 50 42.91 20 50 60

(N=850) (N=878) (N=881)

By father education

Less than high school 41.14 10 40 60 28.23 10 25 50 42.06 20 40 60

(N=328) (N=342) (N=341)

High School 44.75 20 50 65 29.96 10 30 50 45.14 20 50 70

(N=435) (N=445) (N=448)

Undergraduate degree 46.87 25 50 70 31.41 10 30 50 47.39 25 50 70

(N=175) (N=181) (N=181)

Graduate and postgraduate degree 49.17 20 50 70 34.89 10 30 50 46.25 20 50 70

(N=57) (N=59) (N=59)

By risk aversion

High 41.98 20 40 60 27.86 10 25 40 44.47 20 50 60

(N=243) (N=247) (N=247)

Medium 42.68 20 50 60 26.88 10 20 50 42.28 20 50 60

(N=250) (N=253) (N=253)

Low 46.29 20 50 70 32.34 10 30 50 46.30 20 50 70

(N=497) (N=501) (N=501)

Quantile Quantile Quantile

Prob to find a job that is 

adequate to own 

qualifications and job 

experience

Prob to find a job with 

adequate health insurance 

and pension benefits

Prob to find a job without 

using family and personal 

contacts



 

 

 

Table 9

Model 1 Model 2 Model 3

Male 3.523+ 2.876 1.783

[2.037] [2.187] [2.201]

25<=age<=29 ‐5.338* ‐6.052* ‐5.209*

[2.419] [2.611] [2.611]

Nord 13.140** 10.079** 8.761*

[2.544] [2.763] [2.829]

Center 8.452* 8.240* 7.043*

[2.662] [2.800] [2.859]

Islands 1.868 2.186 1.111

[2.812] [2.986] [3.020]

Contacts 14.411** 13.885** 14.297**

[2.893] [2.996] [3.018]

Risk propensity 3.526* 3.071* 3.195*

[1.183] [1.257] [1.272]

Work exp 7.529* 6.524*

[2.757] [2.808]

Work exp^2 ‐0.688+ ‐0.559

[0.399] [0.404]

Family help 7.197* 6.625*

[2.928] [2.952]

Stable relationship ‐3.618+ ‐2.894

[2.159] [2.170]

Pred inaccuracy ‐4.467**

[1.206]

Constant 31.546** 15.14 27.108

[5.718] [25.123] [25.881]

N 942 883 857

Dependent variable: prob to start working in the next 12 months

Standard errors in brackets

+ p<0.10; * p<0.5; ** p<0.01 



 

Table 10

Model 1 Model 2 Model 3

Male 1.666 3.620+ 2.685

[1.952] [2.103] [2.119]

25<=age<=29 ‐4.619* ‐2.841 ‐2.022

[2.336] [2.520] [2.522]

Nord 14.705** 14.137** 12.656**

[2.443] [2.656] [2.719]

Center 5.946* 7.686* 6.361*

[2.552] [2.694] [2.752]

Islands ‐0.18 ‐0.242 ‐1.058

[2.707] [2.880] [2.916]

Medicine ‐2.941 ‐2.862 ‐3.202

[4.597] [4.871] [5.025]

Hard Sciences 10.000** 8.486* 8.474*

[2.677] [2.826] [2.842]

Social Sciences 4.982+ 5.305+ 6.141*

[2.676] [2.873] [2.901]

Contacts 9.938** 7.282* 7.702*

[2.783] [2.882] [2.904]

Mark High School 21.811* 20.984*

[8.466] [8.570]

Work exp 8.706* 7.389*

[2.653] [2.702]

Work exp^2 ‐1.074* ‐0.892*

[0.383] [0.388]

Father's job=director/manager 20.486+ 11.454

[10.901] [14.705]

Father's job=intermediate/secretary 19.539+ 11.22

[10.357] [14.353]

Father's job= self‐employed 19.399+ 12.169

[10.515] [14.490]

Pred inaccuracy ‐4.970**

[1.165]

Constant 29.223** ‐46.945* ‐30.918

[5.499] [21.621] [24.226]

N 931 873 849

Standard errors in brackets

+ p<0.10; * p<0.5; ** p<0.01 

Dependent variable: prob to find a full time job 



 

Table 11

Model 1 Model 2 Model 3

Male 2.441 3.461+ 3.056

[1.843] [1.969] [1.977]

25<=age<=29 ‐11.452** ‐9.782** ‐9.042**

[2.207] [2.359] [2.353]

Nord 5.398* 4.429+ 2.522

[2.306] [2.484] [2.533]

Center 3.112 3.16 2.197

[2.412] [2.521] [2.566]

Islands 1.729 2.332 1.732

[2.557] [2.694] [2.719]

Medicine 8.631* 7.708+ 7.484

[4.341] [4.556] [4.685]

Hard Sciences 13.620** 11.632** 11.350**

[2.525] [2.641] [2.647]

Social Sciences 3.442 2.426 2.898

[2.523] [2.681] [2.697]

Contacts 14.337** 12.192** 12.616**

[2.622] [2.690] [2.702]

Risk propensity 1.908+ 1.505 1.709

[1.073] [1.132] [1.141]

Mark High School 30.005** 30.107**

[7.923] [7.995]

Work exp 4.343+ 3.824

[2.482] [2.519]

Work exp^2 ‐0.489 ‐0.404

[0.359] [0.362]

Mother's level of education 4.727* 4.962*

[1.613] [1.619]

Mother's job=director/manager 17.890+ 3.285

[9.331] [10.677]

Mother's job=intermediate/secretary 20.897* 6.229

[8.375] [9.606]

Mother's job=factory worker 22.292* 6.673

[9.204] [10.101]

Mother's job=temporary job 20.939+ 8.545

[10.710] [11.608]

Mother's job=occasional job 28.625* 15.409

[11.374] [12.128]

Mother's job=self‐employed 29.513* 14.737

[9.499] [10.210]

Mother's job=housewife 21.707* 6.655

[8.656] [9.585]

Rented home and rent is 

paid by others (not parents)
10.276+ 10.227+

[5.810] [5.853]

Stable relationship ‐3.742+ ‐2.987

[1.946] [1.952]

Pred inaccuracy ‐3.986**

[1.083]

Constant 37.995** ‐27.767 15.656

[5.191] [20.240] [23.263]

N 932 875 851

Standard errors in brackets

+ p<0.10; * p<0.5; ** p<0.01 

Dependent variable: prob to find a job that is adequate to own 

qualifications and experience



 

Table 12

Model 1 Model 2 Model 3

Male 4.612* 5.152* 4.700*

[1.599] [1.715] [1.728]

25<=age<=29 ‐7.071** ‐4.286* ‐3.651+

[1.893] [2.045] [2.046]

Nord 8.307** 8.989** 8.344**

[1.997] [2.168] [2.221]

Center 4.552* 5.622* 4.746*

[2.089] [2.193] [2.244]

Hard Sciences 4.438* 3.632 3.455

[2.189] [2.296] [2.311]

Social Sciences 1.603 1.138 1.433

[2.180] [2.324] [2.350]

Contacts 13.274** 13.134** 13.839**

[2.266] [2.347] [2.371]

Risk propensity 2.227* 2.825* 2.698*

[0.928] [0.983] [0.998]

Mark High School 19.108* 18.050*

[6.896] [6.994]

Mark University ‐22.624+ ‐23.181+

[12.539] [12.580]

Work exp 2.078 1.096

[2.161] [2.203]

Work exp^2 ‐0.553+ ‐0.416

[0.312] [0.317]

Family help 6.199* 5.917*

[2.293] [2.313]

Pred inaccuracy ‐2.941*

[0.947]

Constant 25.343** 23.933 29.974

[4.497] [20.293] [20.329]

N 944 885 858

Standard errors in brackets

+ p<0.10; * p<0.5; ** p<0.01 

Dependent variable: prob to find a job with adequate 

health insurance and pension benefits



 

Table 13

Model 1 Model 2 Model 3

Male 3.371+ 4.444* 3.330+

[1.890] [2.024] [2.020]

25<=age<=29 ‐9.810** ‐8.228** ‐7.250*

[2.238] [2.414] [2.391]

Nord 10.682** 9.226** 6.372*

[2.359] [2.559] [2.596]

Center 8.292** 9.262** 6.796*

[2.469] [2.589] [2.623]

Hard Sciences 7.791* 6.705* 6.427*

[2.583] [2.710] [2.701]

Social Sciences 0.436 1.043 1.251

[2.572] [2.743] [2.747]

Contacts 10.320** 9.046* 9.090*

[2.678] [2.770] [2.771]

Mark High School 27.323** 24.755*

[8.139] [8.174]

Work exp 5.585* 3.712

[2.551] [2.575]

Work exp^2 ‐0.708+ ‐0.456

[0.369] [0.370]

Mother's level of education 3.191+ 3.274*

[1.661] [1.656]

Mother's job=occasional job 21.849+ 24.072+

[12.659] [12.449]

Mother's job=self‐employed 18.848+ 18.311+

[10.659] [10.478]

Both parents are deceased 5.592+ 5.316

[3.366] [3.362]

Family help 6.967* 6.262*

[2.707] [2.703]

Rented home and rent is paid 

by others (not parents)
11.616+ 11.798*

[6.002] [6.007]

Stable relationship ‐4.831* ‐4.343*

[1.998] [1.990]

Pred inaccuracy ‐6.676**

[1.107]

Constant 42.063** ‐21.795 ‐9.943

[5.312] [23.951] [23.760]

N 945 885 858

Standard errors in brackets

+ p<0.10; * p<0.5; ** p<0.01 

Dependent variable: prob to find a job without using family and 

personal contacts



 

 

Table 14

Model 1 Model 2 Model 3

Male 111.682* 120.427* 111.979+

[53.494] [58.564] [60.084]

Islands 144.487+ 99.029 99.169

[73.972] [79.838] [82.430]

Medicine 385.163* 428.627* 464.624*

[124.980] [134.480] [141.329]

Hard Sciences 194.702* 203.973* 205.365*

[73.930] [79.223] [81.031]

Social Sciences 162.346* 193.997* 199.387*

[73.877] [80.656] [82.751]

Risk propensity 70.816* 83.053* 81.293*

[31.231] [33.746] [34.681]

Constant 505.094** 154.36 162.742

[150.860] [689.461] [634.348]

N 902 849 829

Standard errors in brackets

+ p<0.10; * p<0.5; ** p<0.01 

Dependent variable: mean expected earnings

Table 15

Model 1 Model 2 Model 3

Own level of education 1.989** 1.982** 2.082**

[0.485] [0.518] [0.524]

Hard Sciences ‐0.977+ ‐0.785 ‐0.704

[0.528] [0.577] [0.586]

Social Sciences ‐1.019+ ‐1.030+ ‐0.98

[0.528] [0.586] [0.597]

Contacts 1.504* 1.483* 1.495*

[0.543] [0.579] [0.591]

Work exp 0.918+ 0.912+

[0.537] [0.553]

Work exp^2 ‐0.124 ‐0.123

[0.077] [0.079]

Constant 0.076 2.543 3.233

[1.077] [4.350] [4.933]

N 893 840 820

Standard errors in brackets

+ p<0.10; * p<0.5; ** p<0.01 

Dependent variable: variance of log expected earnings
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